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NOTE

This Eric*ﬁngl presents a 2020 global MPI update
to the 2019 global MPI analyses and results pre-
sented in: OPHI Bricfing 54, ‘Multdimensional
Poverty and Vulnerability to COVID-19: A Rapid
Owerview of Disaggregated and Interlinked Vul-
nerabilities in Sub-Saharan Africa’, OPHI, 2020.
We include updated data and results for nine coun-
trics, which cover over 35% of both the population
and poor persons in the n:g;irl:m.2
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The COVID-19 pandecmic has spread swiftly across
sub-Saharan Africa, from well-connected and denscly
populated urban centres to remote and disadvantaged ru-
ral arcas.’ Rapid, large-scale policy responscs are needed
to protect those who are most vulnerable to COVID-19,
while also mitigating additional human costs from other

existing dcpriv:a.tinns.

Why docs context matter? For some, COVID-19 is the
biggest immediate threat to their life and livelihood. But
the survival and livelihoods of many in sub-Saharan Af-
rica are, at the same time, gravely threatened by other
conditions — ranging from abject poverty and food inse-
curity to natural disasters or production shocks, conflict,
and unmet health needs. Throughout the policy planning
process there is also a need to assess the impact that new
deprivations, such as job loss during lockdown, will have
on the lives of all members of a houschold, even if they do
not contract the virus. How can policy actors access the
cvidence on the multiple vulnerabilities people face and
respond decisively to COVID-19 without unintentional-

l'}' creating even worse situations for many pcup|:?

This briching provides cvidence on the situation across
479 subnational regions and 40 countrics of sub-5aha-
ran Africa. It maps some simultancous deprivations that
people arc already facing so that policy actors can adjust
their COVID-19 responscs based on differing levels of
vulnerability. Maps on the OPHI website cover cach of

the 479 regions in greater dcpth.
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KEY MESSAGES

1. Information on overlapping vulnerabilitics can be
used a) to reduce direct fatalities from COVID-19
and b) to reduce the collateral human cost of
COVID-19 policics.

2. The scale of existing vulnerabilitics in sub-5Saharan
Africa is the highest in the world (scc Alkire ct al.
2020). The collateral impact of COVID-19 on lives
and livelihoods needs strong policics of mitigation in
this region.

3.Plans need to consider the number of vulnerable
people and the percentage of the population that is
vulnerable. Some clusters of high-risk arcas also span
national boundarics and require a regional approach.

4. Virtually all MPI poor arc at risk, while some of the

most vulncrable subnational regions are in Ethiopia,
Chad, and the Democratic Republic of the Congo.

1. Information on overlapping vulnerabilities can be
used a) to reduce direct fatalities due to COVID-19 and b)
to reduce the collateral human cost of COVID-19 policies.

This rapid overview provides information on where in
sub-Saharan Africa pcup|c are |i]ccl].r to be at increased risk
from COVID-19. These pcup]c a]rcad}r have ovcrhpping

c]cprlvntinn,s in kq-' indicators that can lead to a more crit-

ical or even lethal course of this discase.

Owr analysis builds on the global Multidimensional Pov-
crty Index (MPI) and its ten indicators: nutrition, child
mortality, ycars of schooling, school attendance (these
first four arc weighted at 1/6th), cooking fucl, sanitation,
drinking water, clectricity, housing, and asscts (weighted
at 1/18¢h). A person who is deprived in at lcast onc third
of the weighted indicators is identified as being mulddi-
mensionally (or MPI) poor.

This overview focuses on the joint distribution of three
COVID-19 risk indicators from the global MPL These
arc nutrition, drinking water, and cooking fucl. Per-
sons arc at risk if they suffer from at least one of these
COVID-19 risk indicators. At high risk arc thosc suf-
fering simultaneously from all three COVID-19 risk
indicators (Figure 1). We also identify those who suffer
from two out of three COVID-19-related -.':lc[.'rri1|.':u:i4:|nn!i.‘j

Figure 1. Structure of the global MPI
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Table 1. MPl and COVID-19 risk indicators across world regions

Population At least one Any two out Three risk MPI poor MP poor
(millions)® risk Indicator of three risk Indicators and at risk and at high risk
Indicators
Sub-Saharan 1,012.6 899.0 3984 2044 555.8 2019
Africa
(BB.B%)"* (293%) [20.2%) [54.9%) (19.9%)

Arab States 3354 1121 116 126 48.1 119

(33.4%) [9.7%) [3.8%) {14.3%) {2.5%)
East Asla and 20571 11179 501.9 1144 105.5 327
the Pacific

{54.3%) [24.4%) [5.6%) {5.1%) {1.6%)
Europe and 1125 23.2 5.8 03 1.0 0.2
Central Asla

{20.5%) (5.1%) (0.3%) {0.9%) {0.2%)
Latin America 520.7 1381 71.8 133 342 7.6
and the Carlbbean

{26.5%) (13.7%) [2.6%) [6.60%) (1.5%)
South Asla 1,792.8 1,317.3 499.4 89.8 520.8 B1.8

{73.5%) [26.7%) [5.0896) {29.1%) [4.6%)
Developing World 5831.2 3,607.5 1,509.8 4348 1,265.4 3361

{61.9%) [25.0%) (7.59%) {21.7%) {5.8%)

+  All population figures are computed based on 2018 UN DESA population estimates, see UN DESA PD (2019).
++ Percentage values indicate the proportion of people in the given region (row) affected by the given statistic (column).

Source: Authors'computations based on global MPI data computed by Alkire, Kanagaratnam, and Suppa (2020).

This analysis uniquely covers the joint distribution of dep-
rivations in the COVID-19 risk indicators of the global
MPL But these indicators do not cover other important
risk indicators related to the COVID-19 pandemic, such
as, for cxample, handwashing, informal work, overcrowd-

ing, or u.ndcr|}ring health conditions. Subscqurnt a.na]}rscs
will include additional indicators.

2. The scale of existing vulnerabilities in sub-5aharan Af-
rica is the highest in the world (see Alkire et al. 2020). The
collateral impact of COVID-19 on lives and livelihoods

needs strong policies of mitigation in this region.

The rcgion of sub-5aharan Africa is home to the larg-
cst number and proportion of people in the world who
arc most vulnerable to COVID-19 (Table 1). Nearly
900 million (or 89%) of the just over 1 billion people
in sub-Saharan Africa are at risk to COVID-19. Almost
two in five (39%) arc affected by two COVID-19 risk

indicators, and more than onc in five people (204 million
or 209) arc at high risk. This suggests a disproportionate
prevalence of vulnerability to COVID-19 in sub-Saharan
Africa.’ The region accounts for almaost half (46%) of all
people globally who arc at high risk from COVID-19 ac-

mrd.ing to these indicarors.®

Eighty-three per cent of people in sub-5aharan Africa
usc solid cooking fuel (Table 2, next page). In the ab-
scnce of adequate ventilation, 841 million people in the
region arc likely to be exposed to indoor air pollution,
increasing their risk of cxperiencing respiratory or oth-
er diseases and a more severe coronavirus disease course.
Other COVID-19 risk indicators arc widespread too.
More than 375 million people in the region (37%) live in
houscholds where at lcast one person is malnourished and
almost half of the population (48% or 487 million) docs
not have access to safe drinking water (Table 2, first row).
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Table 2. Deprivations in COVID-19 risk indicators in sub-5Saharan Africa

Nutrition Drinking Water Cooking Fuel
3775 487.0 8405
Among the total population®
ong popuiatio (37.3%) (48.1%) (83.0%)
Amond MBI - 1238 1663 5458
Sl b (32.0%) (36.2%) (53.9%)

= All population figures are computed based on 2018 UN DESA population estimates, see UN DESA PD (2019).
Source: Authors' computations based on global MPI data computed by Alkire, Kanagaratnam, and Suppa (2020).

3. Plans need to consider the number of people at risk
and the percentage of the population who are at risk

The maps visualisc the number and percentage of people tween different policy interventions, such as universal or
who arc at high risk from COVID-19 in 479 subnational targeted programmes. Figure 2b, which shows the number
regions within sub-Saharan Africa. Figurc 2a shows the of people at risk, is uscful for cstimating the budget of any
proportion of people at high risk in cach subnational re- universal or targeted interventions that may be needed in
gion. This can be a guide for policy makers deciding be- high-risk arcas.

Figure 2a. Proportion of people at high risk in Sub-5aharan Africa
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Motes:  Underlying shp—files are from Demographic and Health Surveys Program (2020) and GADM Maps and Data website.
Final boundary between the Republic of Sudan and the Republic of South Sudan has not yet been determined.
Mo MPI data for Equatorial Guinea and Eritrea. No subnational MPI data was available for Eotswana, Seychelles, South Africa and South Sudan.
The mapping style is inspired by Ayush Patel.

Source: Christian Oldiges using MPI data computed by Alkire, Kanagaratnam and Suppa (2020)
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3.1 Some clusters of high-risk areas also span national
boundaries and require a regional approach

Clusters of arcas at high risk for COVID-19 arc visibly
spread across national borders. Given that many borders
arc porous, there is a high potential bencht from coordi-
nated multi-country preventive policics. For example, in
West Africa (as scen in Figure 2a), clusters of high-risk
arcas span the Sahel region from Mali and Burkina Faso to
Miger, Northern Nigeria and the extreme north of Came-
roon. Some subnational regions within this zone arc home
to onc million or more people who are at high risk — in
particular in northern Nigeria and Niger (sec Figure 2b).
In Central and East Africa, subnational regions with at
lcast onc million people at high risk include several regions
in the Democratic Republic of the Congo (DRC) and
many adjoining parts of Tanzania, Kenya, and Ethiopia.

Multidimenslonal Poverty and Vulnerability to COVID-19

3.2 The level of risk varies tremendously across regions
within every country. Subnational regions in Chad and
the DRC are most at risk

National averages often hide the uncven distributions of
COVID-19 risk and multidimensional poverty across
subnational regions. The maps and Figure 3 reveal these
within-country differences; online maps showing these sta-
tistics for all subnational regions arc also available.

COUNTRIES MOST AT RISK

Country rankings by absolute numbers and proportions
of people at high risk differ (Table 4 on pages 12-13).
1. The total number of people at high risk per country
ranges from 5 thousand in 530 Tomé and Principe
and 69 thousand in Gabon to 40 million in Ethiopia.

2. The countrics with the five highest absolute numbers
of people at high risk arc Ethiopia (40 million), Ni-
geria (36 million), DRC (24 million), Tanzania (12

Figure 2b. Number of people at high risk in sub-5aharan Africa
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Motes:  Underlying shp—files are from Demographic and Health Surveys Program (2020) and GADM Maps and Data website,
Final boundary between the Republic of Sudan and the Republic of South Sudan has not yet been determined.
Mo MPI data for Equatorial Guinea and Eritrea. Mo subnational MPI data was available for Botswana, Seychelles, South Africa and South Sudan.

The mapping style is inspired by Ayush Patel.

Source: Christian Oldiges using MPI data computed by Alkire, Kanagaratnam and Suppa (2020).
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million), and Uganda (9 million). Thesc five countrics
alone are home to 60% of all who are at ]'jigh risk in
sub-Saharan Africa.

3. The countries with the five highest proportions of
people at high risk arc Ethiopia (37%), Niger (35%),
Chad (32%), DRC (29%), and Burundi (26%).

People in these five countrics are disproportionately at
high risk compared to the population-weighted average
for sub-5aharan Africa of 20%.

3.3 Subnational regions vs national averages

TI.'IC pmponian DIFPCDP]C Wl'lD arc at ]'I.Ig]'.i ['iSk at TJ.'IC Sl.lb-

national level can vary subsmntia]l}r from national averag-
cs. F'lgurc 3 shows differences in high risk incidence with-

in 38 countrics in sub-Saharan Africa” While the blue
dots represent national averages, the green dots show the
percentage of pmp]c who are at ]'jigh risk in each subna-

tional region within the countrics. In nearly all countries,

there i,sa]a.rgc range of risk levels.

In Sencgal, for example, 11% of the population is at high
risk. But within the country, risk rates range from 4%
in Thiés to 43% in Kolda and 44% in Sédhiou. Across
countrics, the DRC accounts for the highest proportion
of people at risk (29%). Subnational risk rates, however,
range from as low as ncarly 0% for Kinshasa to as high
as 57% for Kwango. Variation in the sccond meost at-risk
country, Ethiopia, is between 1% (Addis Ababa) and
51% (Afar), with a national average of 37%. The most

Figure 3. Percentage of people at high risk at the country level and subnational level
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Mote:  Population figures are computed based on 2018 UN DESA Population estimates, see UN DESA PD (2019).
Subnational MPI disaggregations were not possible for South Africa and South Sudan.

Source: Authors’' computations based on global MPI data computed by Alkire, Kanagaratnam, and Suppa (2020).
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vulnerable of all 479 subnational regions is Kwangn in
the DRC, where 57% of the population is at high risk.

This evidence suggests that any national-level COVID-19
response needs to consider the substantial differences

across subnational regions.

4. Virtually all MPI poor are at risk, while the most vul-
nerable subnational regions are in Chad, Ethiopia, and
the DRC

Zooming into the subsct of the MPI poor population of
sub-Saharan Africa (Table 2 and Figurc 4), 546 million
people (or 54%) arc MPI poor and deprived of clean
cooking fucl. More than onc in three are both MPI poor
and deprived of safe drinking water (36%, or 366 mil-

Multidimenslonal Poverty and Vulnerability to COVID-19

at high risk, affected by all three COVID-19 risk indica-
tors at the same time. These people account for 60% of
the MPI poor and the COVID-19-high-risk population
globally, which makes clear the unequal disadvantage suf-
fered by those living in sub-5aharan Africa.

4.1 MPl and the subnational regions most at risk

Ordering subnational regions — cither by the absolute
number of people or by the percentage of people who are
MPI poor and at high risk — provides uscful information
for budgcting and the types of intervention that may be
needed, respectively. For example, as Table 3 shows, with
more than 15 million people who are MPI poor and at
high risk, Oromia in Ethiopia lcads the ranking of subna-

Figure 4. MP1 poor people and overlapping COVID-19 vulnerabilities in sub-5aharan Africa
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Mote:  Population figures are computed based on 2018 UM DESA population estimates, see UN DESA PD (2019).
Source: Authors’computations based on global MPI data computed by Alkire, Kanagaratnam and Suppa (2020).

lion), while 32% arc MPI poor and deprived in nutrition
(324 million).

Virtually all MPI poor people (99.6%) in sub-Saharan
Africa arc affected by at least one COVID-19 risk indi-
cator (Figure 3). While 556 million people are MPI poor
and at risk, 277 million arc MPI poor and arc affected
by two out of threc underlying conditions. Among them,
160 million lack clean cooking fucl and drinking water,
while 114 million arc deprived of clean cooking fucl and
good nutriion. To make significant progress towards
both reducing the MPI and vulnerability to COVID-19,
these two combinations of deprivations (unclean cooking
fuel and unsafe drinking water, and unclean cooking fucl
and malnutrition) need to be reduced. Fully 202 million
people in sub-Saharan Africa, however, are MPI poor and

tional regions at high risk in terms of absolutc numbers.
Thus, it may require special attention by governments and
the global community. At the same time, since just over
onc third of Oromia’s population (37.0%) is MPI poor
and at high risk, a universal roll-out of policy interven-
tions across all 43 million people in the Oromia region
may cither be incfhicient or not frasible. In contrast, the
number of MPI poor people at high risk in Wadi Fira in
Chad scems small: 205,864. Yet, with 54.9% of its popu-
lation being MPI poor and at high risk,

Wadi Fira ranks second in the subnational rank_ing in
terms DFPIDPGI'tiﬂn. A swift CMEIEENcy responsc thmugh
universal provision of assistance may be both more effec-

tive and efficient than a targctcd one in this region.
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Table 3. Ten subnational regions at highest risk

Rank Subnatlonal reglon Number of MP1 poor and at Rank Subnatlonal reglon MP1 poor and at high risk %)
(country) high risk {thousands)® (country)
1 Oromia (Ethiopia) 15813 1 Kwango (DRC) 56.6
2 Amhara (Ethiopia) 9,931 2 Wadi Fira (Chad) 54.9
3 SMMPR (Ethiopia) 85610 3 Maradi (Niger) 53.1
4 Lake (Tanzania) 4 660 4 Basse (Gambia) 377
5 Kano (Migeria) 3852 5 Afar [Ethiopia) 514
[ Katsina (Nigeria) 381 [ Mongala (DRC) 50.8
7 Mord Kivu {DRC) 2969 7 Kasa-Central (DRC) 506
8 Tigray (Ethiopia) 2,880 8 Mayo Kebbi Ouest (Chad) 50.2
9 Maradi [Miger) 2759 9 Eﬁ;{ﬁhﬁ}mned 483
10 Rift Valley (Kenya) 2726 10 Maniema (DRC) 4749

Mote:  Population figures are computad based on 2018 UN DESA population estimates, see UN DESA PD (2019).
Subnational MPI disaggragations were not possible for South Africa and South Sudan.

Source: Authors’computations based on global MPI data computed by Alkire, Kanagaratnam, and Suppa (2020).

In the ten most vulnerable subnational regions, according
to the proportion of the population who are MPI poor
and at high risk, between 56.6% and 47.9% of all people
arc at high risk (Table 3). Thesc include four subnarional
regions from the DRC, three from the Chad, and onc
cach from Ethiopia, Niger, and the Gambia.

The regions with the highest number of high-risk peo-
ple range from around 2.7 million (Rift Valley, Kenya) to
15.8 million (Oromia, Ethiopia). All arc large regions by
geographic size or population density, or both. Effective
targeted responscs should consider both statistics (abso-
lute number and proportion) to design and appropriatcly

budg-:t for programmes and interventions.
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CONCLUDING REMARKS

1. The COVID-19 pandemic requires a clear, empirical * Persons who are simultancously deprived in at least

focus on overlapping deprivations for three reasons:

* Owerlapping deprivations amplify the risk of fa-
tality if a person contracts COVID-19.

* Lives ma}ralsnbcput atriskifpoor pcnp]:’s CX-
isting deprivation load is exacerbated by job loss
of rcstrictions on movement.

* Evidence on overlapping deprivations can be
uscd to manage the risks from the COVID-19
pandcmic and its policy responscs for the poorest
and most vulnerable.

2. This bricfing draws on the global MPI databasc for

sub-5aharan Africa and provides information on

people’s joint deprivations across 40 countrics, 479

subnational regions, and 1 billion people.

With its associated online data tables this bricfing pro-

vides detailed data on two groups of people:

* The 558 million people in the region who live
in acutc multidimensional poverty, expericnc-
ing deprivations in at lcast onc third of the ten
weighted global MPI indicators spanning health,
education, and living standards.

one (899 million), two out of three (398 million),
or three (204 million) COVID-19 risk indicators:
nutrition, drinking water, and cooking fucl.

3. Maps visually depict both the percentage and the

number of people at high risk from COVID-19
across 479 subnational regions. This information
can inform preventive policy interventions and de-
cisions rclated to choosing between targeting and
universal coverage of policics in subnational regions.
Thesc maps arc also available online.

4.Ncﬂr]}ra]lm|muimhavchighvariadnnsinﬂmpcr

centage of people at risk from COVID-19. A uniform
sct of preventive policics within countries risks being
inethcient. Close coordination between national and
subnational actors may deliver better results.

. High-risk regions span national boundarics, which

arc often porous. There may be a great need for re-
ginna] or g]ul:m] ACtors to adnpt a mnndinating role
for highl}r vulnerable pmplc in these arcas.
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WHAT WE MEASURE

THE GLOBAL MPI

The global Multidimensional Poverty Index (global MPI) is a measure of acute multidimensional poverty,
based on household surveys covering 107 countries and 5.9 billion people in developing countries.
Complementing traditional monetary poverty metrics, it captures the overlapping deprivations that poor
people experience across ten indicators in the dimensions of education, health, and living standards.

THE GLOBAL MPI IN SUB-SAHARAN AFRICA

The 2020 global MPI database covers 1 billion people or 99% of the regional population in sub-5aharan
Africa, spanning 42 countries and 486 subnational regions. It offers readily available data that can be
used now to shed light on how people across the continent suffer from deprivations that may make
them more vulnerable to COVID19.” The joint distribution of vulnerabilities makes visible how the same
person may be simultaneously affected by multiple COVID19 risk indicators. The global MPI data help
to identify subgroups that are both MPI poor and simultaneously affected by COVID19 risk indicators —
which ultimately helps policymakers ensure that no one is left behind.” This briefing used data from 40
of these 42 countries as well as 479 out of 486 subnational regions.

THREE COVID-19 RISK INDICATORS: NUTRITION, DRINKING WATER AND COOKING FUEL
Certain population subgroups are expected to be particularly vulnerable to suffering more severe
symptoms and be at greater risk of dying if they contract this new coronavirus."”

Among its poverty indicators and associated information platform, the global MPI includes three
indicators that can be readily deployed to indicate whether or not a household may include members
who are more vulnerable to COVID19. Undernutrition is associated with immunodeficiency, morbidity,
and mortality — particularly among children, older persons, and those affected by acute respiratory
infections.'! Through the nutrition indicator, the global MPI captures households with at least one
undernourished member, i.e. a child under 5 years of age who is stunted or underweight, or any other
person with a low body mass index. Lack of access to safe drinking water is associated with immune
deficiencies, undernutrition, morbidity, and mortality.'” The drinking water indicator in the global MPI
capturesindividualswho do not have access to safe drinking water according to Sustainable Development
Goal standards. Solid or unclean cooking fuel is associated with indoor air pollution, which is related to
much of the global disease burden, including respiratory infections.'? The Centers for Disease Control
and Prevention identify those with pre-existing respiratory infections as another possible COVID19 high-
risk group, based on currently available information and clinical expertise.' The global MP! captures
those who are likely to be affected by indoor air pollution in their homes. These indicators make visible
gradients of vulnerability to more severe illness from coronavirus and other diseases.

OPHI Briefing 54a | October 2020



Alkire, Dirksen, Nogales and Oldiges

Table 4. Number and levels of multidimensional poverty and COVID-19 risk by country (millions)

Population® At least one Two risk Threa rlsk MPI poor and MPI poor and
Country risk Indlcator Indicators Indicators at risk at high risk
{at risk) {at high risk)
Angola 30.8 35 93 49 153 49
(764%™ {30.19%) {16.0%) (40.8%) {16.00)
Burundi 1.2 11.1 53 29 83 9
(90.7%;) {47 6%) {26.3%) (74.2%) {26.3%)
Benin 1.5 11.1 50 23 7 22
(96.7%) {43.8%) {19.6%) (66.7%) {10.50)
Burkina Faso 196 19.2 88 45 165 45
(97.1%) {44 6%) (22.6%) (B3.7%) {22.6%)
Central African Republic 47 47 24 1.1 7 1.1
(00.8%) {52.0%) {24.5%) (79.3%;) {24.4%)
Céte d'voire 251 19.0 1.7 24 1.3 24
(75.9%) {30.6%) (9.7%) (45.1%) {9.6%)
Camearoon 52 215 95 39 1.4 37
{B5.5%) {37.5%) (15.5%;) 45.0%) {14.8%)
Chad 155 15.1 75 50 13.2 50
(97.9%) {48.3%) (32.2%) (85.4%) {32.2%)
Congo, DR 84.1 B80.7 363 243 54.0 243
(96.0%%) {43.1%) (28.9%) (6. 3%) {28.9%)
Congo 52 7 13 04 13 04
{69.9%;) {25.29%) {6.8%) (24.1%) {6.7%)
Comoros 08 07 03 01 03 0
(B7.7%) {30.4%) (9.7%) (37.0%;) {9.1%)
eSwatini, Kingdom of 1.1 0.8 04 01 0.2 0
(68.9%) (31.2%) (8.9%) (18.8%) (7.3%)
Ethiopia 109.2 105.9 466 40.0 91.1 400
(97.0%;) {42.6%) {26.6%) (83.4%) {36.6%)
Gabon 21 0.8 0.2 01 03 0
(39.7%;) {10.6%) (3.3%) (14.4%;) {3.2%)
Ghana 208 247 8.1 24 8.9 24
(B1.2%) {27.29%) (8.1%) (29.9%;) {8.0%)
Guinea 124 122 55 5 8.2 24
{98.5%) {43.9%) {19.9%) (66.1%) {10.50)
Gambia 23 22 08 0.2 0.9 0.2
(97.4%) {36.3%) (8.3%) (41.5%) {8.0%)
Guinea-Bissau 19 1.8 08 03 13 03
{08.5%) {40.5%) (14.7%) (66.9%) {14.7%)
Kenya 514 45.1 203 1.7 19.8 1.7
(B7.8%) {30.4%) {15.0%) {3B.5%) {14.00)
Liberia 48 48 3 06 3.0 06
{90.5%;) {47.0%) {13.0%) (62.9%;) {12.8%)
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Table 4. continued

Country Population® At least one risk Two risk Threa rlsk MPI poor and MPI poor and
Indicator(at risk) Indicators Indicators at risk at high risk
{at high risk)
Lesotho 21 0.8 08 0.1 04 0
(30.0%) {30.9%) {6.0%,) 16.3%;) {4.0%)
Madagascar 263 26.1 121 59 18.1 59
(00.4%) {49.9%) {22.3%) (69.1%;) {22.3%)
Mali 19.1 189 79 3.0 13.0 30
(09.3%;) {41.3%) {15.7%) (68.2%) {15.5%)
Mozambigue 205 286 137 17 13 1.7
(97.1%) {46.3%) {26.2%) (72.4%) {26.19%)
Mauritania 44 35 15 0.6 22 06
(78.4%) {33.0%) (14.1%) (40.1%) {14.0%)
Malawi 18.1 178 8.7 5 95 5
{08.1%) {48.0%) {14.0%) (52.6%) {13.9%)
MNamibia 24 1.7 0.7 03 0.9 03
{71.0%) (29.3%) (12.6%;) (37.8%) {12.6%)
Niger 4 223 10.0 8.0 203 8.0
(99.2%) {44 4%) (35.4%) (00.3%;) {35.4%)
Migeria 195.9 1727 7312 359 907 347
(B5.2%) (37.4%) {18.3%) (46.3%) {(17.79%)
Rwanda 123 121 6.7 15 &7 15
{09.5%) {54.19%) {12.4%) (54.40%) {12.3%)
Senegal 15.9 125 49 1.8 83 18
(78.8%) {31.19%) (11.4%) (52.1%) {11.19%)
Sierra Leone 7 16 34 1.1 44 1.1
{08.7%) {43.9%) {13.9%) (57.8%) {13.8%)
South Sudan 1.0 10.9 57 5 10 5
(09.6%) (51.6%) {22.9%) (91.7%;) {22.9%)
Sao Tome and Principe 0.2 0 00 0.0 0.0 00
(50.8%) (17.79%) (2.3%) (10.8%) (2.2%)
Togo 79 74 9 0.8 3.0 08
(96.3%) {37.19%) {10.2%) (37.5%) {10.0%)
Tanzania 363 548 265 121 N2 120
(97.3%) (47 .0%) {21.5%) (55.40%) {21.4%)
Liganda 427 4232 215 9.2 235 92
{08.7%) (50.4%) {21.6%) (55.00) {21.4%)
South Africa 578 2332 63 1.8 34 14
{40.1%;) {10.8%) 3.1%;) {5.9%) (2.4%)
Zambia 174 162 70 5 83 5
(03.4%) {40.29%) (14.6%) (47.0%) {14.4%)
Zimbabwe 14.4 1.1 56 13 7 13
(79.2%) (38.79%) 19.3%;) (25.7%) (8.7%)

+  All population figures are computed based on 2018 UN DESA population estimates, see UN DESA PD (2019).
++ Percentage values indicate the proportion of people in the given regicn (row) affected by the given statistic (column).
Source: Authors' computations based on global MPI data computed by Alkire, Kanagaratnam, and Suppa (2020).

OPHI Briefing 54a | October 2020



Alkire, Dirksen, Nogales and Oldiges

REFERENCES

Alkire, S., Dirksen, ]., Nogales, R., and Oldiges, C. (2020). ‘Multidimensional poverty and COVID-19 risk factors: A rapid
overview of inter-linked deprivations across 5.7 billion people’, OPHI Bricfing 53, Oxford Poverty and Human Develop-
ment Initiative, University of Oxford, link.

Alkire, S., Kanagaratnam, U., and Suppa, N. (2020). “The global Multidimensional Poverty Index (MPI) 2020°, OPHI
MPI Methodological Note 49, Oxford Poverty and Human Development Initiative, University of Oxford., link.

Bourke, C.D., Berkley, J.A., and Prendergast, A.]. (2016). ‘Immune disfunction as a causc and consequence of malnutri-
tion’, Trends in Immunology, 37(6): 386398, link.

CDC (2020). ‘People who are at higher risk for severe illness’, Centers for Discase Control and Prevention, Coronavirus
Disease 2019 (COVID-19), fink.

Clasen ct al. (2014). *Estimating the impact of unsafc water, sanitation, and hygicne on the global burden of discase: Evolv-
ing and alternative methods’, Tropical Medicine and International Health, 19(8): 884-93, link.

DHS Program (2020). Sparial Data Repostitory, The Demographic and Health Surveys Program, link.

GBD 2017 Causes of Death Collaborators (2018). “Global, regional, and national age-sex-specific mortality for 282 causes
of death in 195 countrics and territorics, 1980-2017: A systematic analysis for the Global Burden of Discase Study 2017,
The Lancet, 392: 17361788, link.

Ginsburg, A.S., Izadnegahdar, R., Berkley, J.A., Walson, ].L., Rollins, N., and Klugman, K.P. (2015). ‘Undernutrition and
pncumeonia mortality’, The Lancet Global Health, 3(12): E735-E736, link.

Gordon ct al. (2014). ‘Respiratory risks from houschold air pollution in low and middle income countrics’, The Lancet
Respiratory Medicine, 2(10): 823860, link.

The Lancet (2020). “Editorial: Redehining vulnerability in the cra of COVID-19, The Lancet, 395(10230): 1089, link.

Moore, M., Gelfeld, B., Okunogbe, A., and Paul, C. (2016). Identifying Freture Disease Hotspots: Infectious Disease Vulnera-
bility Index. RAND Corporation, RR-1605-05D, lnk.

OPHI (2018). Global Multidimensional Poverty Index 2018: The Most Detailed Picture to Date of the Worlds Poorest Peaple,
Oxford Poverty and Human Development Inidative (OPHI), University of Oxford, lnk.

Priiss-Ustiin ct al. (2014). ‘Burden of discasc from inadequate water, sanitation and hygienc in low- and middle-income set-
tings: a retrospective analysis of data from 145 countrics’, Trapical Medicine and International Health, 19(8):894-905, Link.

Schraufnagel, D.E. et al. (2019a,b). ‘Air pollution and noncommunicable discases’, parts 1 and 2, Chest Jowrnal, 155(2):
409416 and 417426, link for Part 1 and link for Part 2.

UN DESA PD (2019). World Population Prospects: The 2019 Revision. Volume 1. Comprehensive Tables. United Nations,
Department of Economics and Social Affairs, Population Division, link.

WHO (2020). Coronavirus, World Health Organization, lnk.

FUNDING

This publication arnises from research activities funded by the Higher Education Innovation Fund and ESRC Impact Acceleration
Account through the University of Oxford's Economic, Sodal, Cultural, and Environmental Impacts of COVID-19: Urgent Re-
sponse Fund, the John Fell Oxford University Press Research Fund, and the International Development Research Centre (IDRC),
Canada. As part of Canada’s international development efforts, IDRC invests in knowledge, innovation, and solutions to im-
prove the lives of people in the developing world. We most gratefully acknowledge the support received.

www.ophl.org.uk


https://ophi.org.uk/
https://ophi.org.uk/b53/
https://ophi.org.uk/ophi-mpi-methodological-note-49/
https://www.cell.com/trends/immunology/fulltext/S1471-4906(16)30006-0?_returnURL=https%3A%2F%2Flinkinghub.elsevier.com%2Fretrieve%2Fpii%2FS1471490616300060%3Fshowall%3Dtrue
https://www.cdc.gov/coronavirus/2019-ncov/need-extra-precautions/index.html?CDC_AA_refVal=https%3A%2F%2Fwww.cdc.gov%2Fcoronavirus%2F2019-ncov%2Fneed-extra-precautions%2Fpeople-at-increased-risk.html
https://onlinelibrary.wiley.com/doi/full/10.1111/tmi.12330
https://spatialdata.dhsprogram.com/home/
https://www.thelancet.com/pdfs/journals/lancet/PIIS0140-6736(18)32203-7.pdf
https://www.thelancet.com/action/showPdf?pii=S2214-109X%2815%2900222-3
https://www.thelancet.com/journals/lanres/article/PIIS2213-2600(14)70168-7/fulltext
https://www.thelancet.com/action/showPdf?pii=S0140-6736%2820%2930757-1
https://www.thelancet.com/action/showPdf?pii=S0140-6736%2820%2930757-1
https://ophi.org.uk/global-multidimensional-poverty-index-2018-the-most-detailed-picture-to-date-of-the-worlds-poorest-people/
https://onlinelibrary.wiley.com/doi/full/10.1111/tmi.12329
https://journal.chestnet.org/article/S0012-3692(18)32723-5/fulltext
https://journal.chestnet.org/article/S0012-3692(18)32722-3/fulltext
https://population.un.org/wpp/Publications/Files/WPP2019_Volume-I_Comprehensive-Tables.pdf
https://www.who.int/health-topics/coronavirus#tab=tab_1

Multidimenslonal Poverty and Vulnerability to COVID-19

ENDNOTES

1 Suggested citation: Alkire, 5., Dirksen, J., Nogales, R. and Oldiges, C. (2020). ‘Multidimensional poverty and vulner-
ability to COVID-19: A rapid overview of disaggregated and interlinked vulnerabilitics in Sub-Saharan Africa’, OPHI
Bricfing 54a, Oxford Poverty and Human Development Initiative, University of Oxford.

2 Thesc ninc countries are: Democratic Republic of the Congo (MICS 2017-18), Gambia (MICS 2018), Guineca (DHS
2018}, Lesotho (MICS 2018), Madagascar (MICS 2018), Mali (DHS 2018), Nigeria (DHS 2018), Zambia (DH5
2018), Zimbabwe (MICS 2019).

3 As of 30 October 2020 ax:mn:]ing to official counts of confirmed cases b}r the E.umpcan Centre for Discase Prevention
and Control.

4 This bricfing considers risk indicators within the global MPI that arc readily available for rapid analysis. 5ec Alkire,
Kanagaratnam, and Suppa (2020) for a detailed description of the indicator definitions. Additional analyscs based on
wider scts of indicators will shortly be available at the OPHI website. There arc other important risk factors — including
old-age, non-communicable discases such as diabetes, which arc less strongly associated with unsafe drinking water and
undernutrition, or infectious discases such as HIV/AIDS and access to quality health infrastructure, such as intensive
carc beds with ventilators — which we cannot consider here. And apart from the most immediate risks to critical or lethal
coronavirus discasc courses analysed here, there arc also risk-gradients of contracting the virus in the first place — where
indicators such as access to handwashing facilitics and soap as well as overcrowded houscholds, access to information,
and the availability of personal protective equipment such as faccmasks that can prevent virus transmission are key
vulnerability indicators. Lastly, this pandemic also brings with it a multiplicity of socio-cconomic shocks and associated

vulnerable pnpulatinn groups — from homc—schu-uling and social isolation thmugh domestic violence to uncmphymcnt
and loss of livelihoods and homes. Man}r who are a]rcad}r poor will face new or exacerbated c]cprivat'luns. Oihers will fall
into poverty due to this pra.ndcmic and its implir,atinns.

5 Sec also Alkire, 5., Dirksen, ]., Nogales, R., and Oldiges, C. (2020).

6 This is in line with the results of the Infectious Discase Vulnerability Index, according to which 22 of the 25 most-vul-
nerable countries are in sub-Saharan Africa. See Moore et al. (2016).

7 Following Alkire, Kanagaratnam, and Suppa (2020), subnational disaggregation is not performed for South Africa and
South Sudan.

8 The full 2020 global MPI databasc covers 107 countrics and 5.9 billion people. For sub-Saharan Africa region, Botswana
and Scychelles are not included in this briching duc to data usage restrictions. All population aggregates usc 2018 data.
'The data sources and years as well as country bricfings, data tables including standard errors, do-files, and an interactive
databank arc online at OPHI website > Global MPI. Data used to compute the global MPI arc from 2008-2019, though
5.7 billion of the 5.9 billion people covered and 1.2 billion of the 1.3 billion multidimensionally poor people identified
arc captured by surveys from 2013 or later.

9 For a gencral overview and the latest information on the COVID-19 pandemic, please refer to the WHO COVID-19
Coronavirus website (WHO 2020). On Leaving No One Behind and protecting those most vulnerable during this
pandemic, scc also the United Nations Department of Global Communications (2020).

10 See CDC (2020) and WHO (2020).

11 Bourke, Berkley, and Prendergast (2016); Ginsburg ct al. (2015).
12 Clasen ct al. (2014); Priiss-Ustiin et al. (2019).

13 Gordon et al. (2014); Schraufnagel et al. (2019a,b).

14 CDC (2020).
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